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'_Lmab;ne You Méasure [MAsSS 0(, r’lowua_ mice .

y You label €adn mice as obese or not obese.

* Focns on  the obsecntions of N twp Jifferent goups  That are closest
+° eadh oter o) hae e ™:dpoint be the Freshol.

* T\/le S\aarjrcs}- dictance betvecen Phe obsetvatins an) the hreshold is calld e Marsin.

- Whey we wse Phe Wreshld Pt gives us He lacsest  ymargin  do make ¢ luseiReatius,

We are using & Mavimal  pursin  Clussifier

L These ore really. Geusitive 1o oulliers simee it does not allov - pisclussibicotions.
(o* JibFerent cmscs)
o When e allow mistlessiications ) W distang ];:e‘}we(vz ‘I’Le_ o\;sm{-,'pnsl‘am)

He Hesholl 55 culled @ Skt WMargin .

————

’ Ue Use (ress volidyghon ‘]‘b dttermine l')pw mum} n.;scluss:Fim Fiows ou o‘yservuhm

b allow ingile of e Soft hargiy,  te gt the best  Classification .

¢ \/\)\\&V\ we use o  Soft margin b deternme Weshol) we an using  a_ Soft Macyin

cags: fien aka.  Support Vechr classi fier, (S\/O

¢ e observations 0. e edne ond  witia e LM Marsin pre called

Support  veclors .
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...and, in this case, the Soft
L Margin is measured form
these two points.
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o 1 Ne Jab s 2D, Pe SV Poms o plane.

- F e P dat s D or more the SVC s « hwuplane.

L SVC; oﬂ,[au -Pw Ow:Hie/S am) m:sclasc:‘[:.‘(:qh'ohs.

s Bup whet if we b)) dak tne Ws

...and the green dots represent
patients that were cured.

Dosage (mg): -@-@HO—@—QOWED—O- OO

- Sves Jon+ work  bere.
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...and the Support Vector
Classifier can be used to
classify new observations. O
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"T\e ™Mein i()eqs Or' Svaf
b Skrt  woith b i low Jimension
L move the datn to o Wi shen Oivhension

L \Qv'm) 6. SVC  Hat efl:-ls He datn inb heo Growps-
’ va AD We l}(’cik )low "'D "}'fanS'FDrm ‘Mle c)a-|~a7

» Kemel 'RM ctions g?smmdmnv Pinde Svcs Haat  worh i highe- Jimevs ows.

L p

PDI\Q.MY»-‘M )(eMcl s*-‘—s‘l'emah'cally |NnCreases J:I‘tens"ans \D\a- SeHTnj h\,rerpammd'cf a’,
He degrec of He polgmmial ond He relationships behueer each gaic of  observwtions
are used b fd o Q.

Ly We can Biad 3") Value 'Pbr P with Cross validation.



 Another Common kernel is e Tadial  Kernel , alss Known as AT
Redial Basis Function (==F) Kef‘rfl-

LI+ firds SWs  in infmike dmensions

L’ 1+ Lalwwzs Jike Weighte) nearest neishbor madel.

b s Observations closer o new obsorvation have more weisht on the

classiPication ofF e new obsermtion.

. Kéf‘V\@ ] '£wath mb), Calculate o relationships betuween every pair of  points

as rp '“ie\a.. are in 'Mu ’l;ﬁ,nr cjimens.-ons,' -”.ﬂ} don¥ Ac-l’uq”y Jo 'h-c. Franstormation.

LT\n:s is Known as He Xemel +rick.

L T+ redwes Yo amowt oF Compabtion negled Br NMs Since o FrmnsBemations need
b e computed.

b T3 mabes Calculating  relationships in infurke dimensions wsed by the udial Kemel
( EBF)  poss:ble.



